- TR S L e S

AEF - ARRBIFIRFEER

=il BlI#E
2023048




FEEF

S I ———

01 ABSRBIHLA
02 HEXETFRE




1. ARz A
-

01 ARR5IHENA

02 XStz




1. ARSR B R
B

ABEBSIE (face verification)
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Siamese RJ4% Siamese network
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Siamese %2
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FaceNet
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Inception-ResNet-v2 Y& B ~E

https://github.com/timesler/facenet-pytorch
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Content (<)

Generated image (Q) Generated image ( Q)
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Visualizing what a deep network 1s learning
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J(G) = A content(C, G) + .B]style(S: G)
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RN ERZEL (Content cost function)
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Unrolled Version

Convolution Layer Each row represents the
Each color represents the activations of a filter.
activations of a filter as it
was convolved around an
image.
» Say you use hidden layer [ to compute content cost. J(G) = &Jcontent(C, G) + fstyle(S, G)

+ Use pre-trained ConvNet. (E.g., VGG network) RN BRSNS R EARA BN FNXAZAN
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XIFS{CITRRZEL (Style cost function)
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Say you are using layer ['s activation to measure “style.”
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impressionist style painting

generated image
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with impressionist style
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3D convolution

3D volume
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