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» Vision Transformers excel at capturing global context but incur 86 » Pretrained on ImageNet-21K, achieving up to 88.1% accuracy
quadratic computational costs, while Mamba-based models run in b e o o
linear time yet struggle with long-range spatial dependencies. 85-
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MambaVision bridges this gap by redesigning the Mamba mixer to e Mambavision-L3-512
use non-causal, symmetric convolution branches and by adding : B VTE SN MambaVision-S o ‘ &
.. . extViT- S <
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residual blocks and strided downsamplers for fast feature extraction. & O
> Hybrid Token Mixing: Within each of the last two stages, the first half of ~ 80 ga.s] |
layers use the MambaVision mixer and the second half use multi-head self- g— ‘ DellS . Resolution i
attention to recover global context. = 79- FastViT-T12
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Backbone Params (M) FLOPs (G) | AP™  APX*  APXX  Apm™sk  Aphsk  Apoask
DeiT-Small/16 [28] 80 889 48.0 67.2 51.7 414 64.2 44.3
<0'> Q)’b ResNet-50 [12] 82 739 46.3 64.3 50.5 40.1 61.7 43.4
Swin-T [21] 86 745 50.4 69.2 54.77 43.7 66.6 47.3
ConvNeXt-T [23] 86 741 50.4 69.1 54.8 437 66.5 47.3
[ oD ] [ o p ] Mamba Vision-T 86 740 5.1 700 556 443 67.3 47.9
X101-32 [35] 101 819 48.1 665 524 416 63.9 452 » MambaVision combines SSM mixers with self-attention for fast, global context
Swin-S [21] 107 838 51.9 70.7 56.3 45.0 68.2 48.8 ' :
\ ' / \ ' / ComyNeXL.S [23] 108 g o o8 1 4o modeling, surpassing CNNs, Transformers, and Mamba backbones. =] =]
shsad s MambaVision-S 108 828 523 711 567 452 685 489 > |t sets new benchmarks on major datasets and easily scales to -
X101-64 [35] 140 972 48.3 66.4 52.3 41.7 64.0 45.1 : .
Swin-B [21]] 145 982 51.9 70.5 56.4 45.0 68.1 48.9 Iarger data’ hlgher resolutions.
. _ ConvNeXt-B [23] 146 964 527 713572 456 689 495 » Code: https://github.com/NVIabs/MambaVision
MambaVision Mixer MambaVision-B 145 964 52.8 71.3 57.2 45.7 68.7 49.4



https://github.com/NVlabs/MambaVision
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